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What’s new in machine translation ?
Today, it is no exaggeration to say that technological developments in
translation, driven by the two major technological innovations of

computer-assisted translation tools and machine translation, have
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fundamentally changed how we communicate. While the introduction of
Al to translation may still be in its infancy, it has already achieved
promising results ; NMT has just landed, and with the involvement of
deep learning, it is here to stay. Real-time translation has also experienced
a quantum leap in the world of business and audiovisual industry and tends
to move us closer to ‘language transparent’ society. Besides, cloud
machine translation enables translators to collaborate on projects in real
time and share resources n the easiest way.
However, we are still not sure whether, in near future, neural machine
translation can hold a candle to the depth of experience and bicultural
understanding that a human translator applies to translating the source

text .
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